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Future aircraft concepts
Goals:

ÅExtend design space exploration and bring to light « unexpected » concepts  

ÅAvoid the definition of sub optimal configurations 
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SMT 2.0 features:

Å Models to handle a large number of design variables (KPLS ï

KPLSK ïMGP): automatic number of components

Å Mixture of experts to handle heterogeneous functions (MOE)

Å Different covariance kernels added

Å Multi-fidelity models (MFK ïMFKPLS ïMFKPLSK)

Å Noisy kriging to handle uncertainties on data

Å Kriging models for mixed variables (continuous, discrete, 

categorical) & associated kernels, sampling and optimization

Å Kriging models for hierarchical variables (meta, neutral, 

decreed) & associated kernels, sampling and optimization

Å Benchmarking problems

Č Included some Jupyter notebooks & documentation

github.com/SMTorg/smt
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Open-source toolbox for surrogate models


