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but not the exact 
contribution of 
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Weighted sum + 
activation function
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- “Machine Learning for Quantum-Enhanced 
Gravitational-Wave Observatories” - Chris Whittle, Ge Yang, 
Matthew Evans, Lisa Barsotti (05/2023)
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- “Machine Learning for Quantum-Enhanced 
Gravitational-Wave Observatories” - Chris Whittle, Ge Yang, 
Matthew Evans, Lisa Barsotti (05/2023)

- “Predicting the motion of a high-Q pendulum subject to 
seismic perturbations using machine learning” - Nicolas 
Heimann, Jan Petermann, Daniel Hartwig, Roman Schnabel, 
Ludwig Mathey
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Intersection points for input mirror:
(-1.6025e-06, 3)
(1.6182e-06, 3)

Intersection points for end mirror:
(-9.0485e-07, 3)
(9.0784e-07, 3)
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Intersection points for w_x:
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Intersection points for w_y:
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Intersection points for R_x:
(636.2939, 3)
(2208.2487, 3)

Intersection points for R_y:
(632.8729, 3)
(2158.5623, 3)
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Variable number of inputs   
(number of peaks)

Truncation Padding

Loss of data Extra worthless data
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Long Short-Term Memory Convolutional 
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Thank you for listening!


