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Architecture

ax Inception module
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Use of inception modules inspired by Szegedy et al. 2015.
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and Koltun 2018
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and Huerta 2019: Bai, Kolter,
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Introduced novel way of reducing input samples for
gravitational wave data analysis.

Introduced new architecture.

Improved on state of the art performance for binary
neutron star detection using machine learning.
Provided a robust way of evaluating neural network

search pipelines that makes them comparable to
other searches.

Not yet at a stage where machine learning is able to
be used as a standalone search as current ones are
computationally more efficient and sensitive.
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