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Deep Learning ?

Modelling high level abstractions _
from multiple non linear transformations
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Deep Learning history
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..._L_.__ep learning @LISTIC

Developing new architectures adapted to new problems:
-Supervised learning with large known datasets
-Un/Semi supervised approaches when few knowledge available
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Ote Sensing, pixel level classification
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Results : 98% accuracy ~State of the art but more efficient

[Method : Deep BUT light 3D network (8 layers, ~6000 parameters) J




gdetection, pixel level classification

Results : 69.6% loU > State of the art REGIM labs collaboration

[Method : Deep recurrent neural networks ] LISTIC. EDYTEM and




eeplearning in your basket

CIFRE thesis:
LISTIC & AboutGoods

The aim : Obtain essential and accurate consumption statistics

The only written proof of this data can be found in sale receipts

The challenge :

Automatically read a sale receipt from a picture taken by a
smartphone and extract the following information :

Store Location,
Purchase data and time,

List of purchased products and their price,

Identify any discounts,




get detection @ TRECVid

Find a person in a specific location from few samples

exemple (BBC eastenders ): "in a 800h video database find Stacey in cafe1”
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0ing further with Deeplearning

New projects with LISTIC and partners:
Sea surface oil detection @TOTAL
Comfort&consumption analitics @LOCIE
Gamme rays detection&regression @LAPP

A lot of work enabled by the computing power provided by
MUST !
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